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Abstract: We extend Maxwellian velocity distributions to long observational timescales in much the same
way that short timescale statistical mechanics distributions are averaged to yield normal laboratory timescale
thermodynamic distributions. This long timescale view has several novel effects: Fluctuating overall veloc-
ities (i.e. “wind”) thermalizes into an additional component of temperature, while returning a Maxwellian
velocity distribution. However, fluctuating temperature results in a new distribution with a Gaussian core
but heavy polynomial tails. The power of the polynomial tail is either -3 or -2 depending on whether the
precision of the temperature is allowed to extend to + infinity or is required to remain strictly positive. The
distribution is also interesting in the way it remains almost exactly Gaussian up to a certain velocity after
which it quickly breaks off to become polynomial. The distributions are carefully analyzed mathematically,
and physical consequences are drawn.

Keywords: Slow time, long time, Maxwellian

Christopher Essex: Department of Applied Mathematics, The University of Western Ontario, London, Ontario N6A 5B7, Canada,
e-mail: essex@uwo.ca

Bjarne Andresen: Niels Bohr Institute, University of Copenhagen, Universitetsparken 5, DK-2100 Copenhagen @, Denmark,
e-mail: andresen@nbi.ku.dk

Communicated by: Paolo Sibani and Karl Heinz Hoffmann

1 Introduction

The kinetic domain brings to mind Brownian movement, individual molecules colliding, and dust particles
jiggling. This microscopic chaos becomes invisible in the limit of the larger scales of space, time, and parti-
cle number that define the laboratory domain. Historically, linking the microscales to the laboratory scales
is the subject of statistical mechanics and kinetic theory. The laboratory scales function as an ideal, guid-
ing us among the various possible averaging processes that could take a discrete domain over to apparent
continua, allowing the microscopic chaos to be subsumed within thermodynamic equilibrium. But thermo-
dynamic equilibrium is also a limiting case that is realized rarely even as an approximation. In the continua
of the laboratory regime we do not typically achieve thermodynamic equilibrium at all. But if we imagine
traveling with the various dynamics that may exist in continua, we have a useful and pervasive alternative,
local thermodynamic equilibrium (LTE). In the mechanical rest frame of a moving fluid we imagine that we
may measure temperature and pressure locally as if the fluid were in equilibrium even if globally it is not.
This is the normal framework in which pressure, temperature, and other intensive quantities were first en-
countered historically, and it is the primary way we experience them in our lives — through meteorological
and biological temperatures, for example.

But while this local equilibrium is essential for many fields, employing classical treatments of physics and
chemistry, it is inherently limited. For example photons are typically not near equilibrium locally even if the
interacting particles having mass may be. These words would be invisible otherwise. The classical Maxwellian
distribution for particle velocities will hold locally, but not without limitations if temperature can be mean-
ingfully represented as a continuous function of position in configuration space where the discrete particles
with that distribution are also located. Atoms or molecules from spatially nearby local equilibria must there-
fore interact, meaning that the local equilibria are inherently transient if not externally controlled. In order
for them not to relax to a common equilibrium, processes must drive these local states to remain apart, thus
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never quite relaxing to a formal Maxwellian. The relaxation time to full equilibrium must be longer than the
timescales of the processes that form the laboratory scale gradients.

While we are not aware of any previous attempts at identifying slow time behavior as a separate dynam-
ics, we did recently look into a more precise definition of the viability of local thermodynamic equilibrium
[1] mentioned above, i.e. when is it realistic to talk about LTE values of say temperature and pressure. The re-
quirement is that time should be sufficiently short that essential equilibration is achieved within the (small)
local volume but not within the entire system. In the space of all extensive thermodynamic variables such
local equilibria will appear as a swarm of points. Only when true global equilibrium is achieved will they
merge into a single point.

Clearly, with a large but finite number of molecules there is a place in the infinite tails of the distributions
that is relatively unpopulated. The particles in the sparsely populated tails will also be the particles moving
the quickest, and so would have the shortest interaction times as they move most rapidly to local equilibria
neighboring in configuration space. Thus we expect to find the greatest departure from a limiting Maxwellian
in the tails of the local equilibrium distributions. But if the spatial and temporal resolutions are lower than
that over which local equilibria vary, then the observed probability density will be a composition of many
local equilibria in space and time and not just one.

A number of fields encounter such distributions of distributions, or distributions subordinated other dis-
tributions. For example, many spin glasses and random field systems have time evolutions which are statisti-
cally subordinated sudden jumps in energy (quakes or avalanches) [2, 3]. In cosmology dark matter distribu-
tions are frequently convolved in such a way [4] that the new distribution may be described by a non-extensive
Tsallis distribution [5]. Porous media are often described by models which include combinations of thermo-
dynamic distributions and geometric restrictions [6] or diffusion on a fractal support [7]. Studies on spiking
responses of motor cortical neurons display a firing rate described best by a convolution of expected single
neuron response with a distribution of other extraneous inputs [8]. Many of these convoluted distributions
have heavy polynomial tails. Generically, something like this is always at play when we study mutual infor-
mation. However, none of the situations mentioned above as well as many other situations are relevant to the
long time behavior we are investigating here.

1.1 Slow time

Any experiment or any observer is limited to a certain time window. We cannot distinguish between physical
events that are too close together in time. We cannot even recognize the order of the events, raising questions
about causality. Similarly, connected events too far apart in time are also not recognized. But that is because
they seem unconnected. Changes are too slow to observe directly. Our only hope to comprehend such things
is indirectly through inference from evidence left by the changes. Continental drift is a classical example. We
do not see it directly but the rocks tell us what happened outside of our lifetimes, outside of our window of
perception. Events that are too close together to perceive we say are beyond our fast time limit, while events
that are too far apart to perceive we say are beyond our slow time limit. We refer to the slow time regime
as being beyond the slow time limit. Figure 1 illustrates this. Sally Shortwave was coined to represent an
idealized observer on nanoscales. Larry Longwave represents observers on scales of years, lifetimes, or eons.
Our everyday lives are somewhere in between. Great effort has been expended in comprehending what an
observer encounters in the regime of Sally Shortwave. In this paper we attempt to get a glimpse into what an
observer in Larry Longwave’s regime would perceive.

With instruments that are too coarse and slow to capture local (near) equilibria, the observer would not
be able to perceive the laboratory scales that we know, but would observe a folding of many local states within
one. From the point of view of distributions, the observer would encounter a composite distribution instead.
That observer would perceive the laboratory scales the way we think of Sally Shortwave’s regime. That is, it
would seem remote, abstract, and invisible, only accessible through inference and clever experiments. The
scalar fields of local thermodynamic variables and their temporal variations, which are central to our expe-
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Sally Shortwave

too fast just right too slow >
to see to see

Laboratory scale

too fast just right too slow >
to see to see

Larry Longwave

too fast just right too slow >
to see to see

Figure 1. Any experiment or any observer is limited to a certain time window within which it is able to achieve time resolution
and thus establish ‘before’ and ‘after’ and causality. At shorter times we cannot resolve that, at longer times we do not observe
any change. Sally Shortwave lives in the nanoscales world, Larry Longwave in a world of years or eons. Our everyday lives are
somewhere in between.

rience, would be unknown to that observer. They would be like jiggling molecules are to us. But what would
the observer see that would be foreign to our experience?

Would the observer in Larry’s regime see our laboratory scale as we do the nanoscale? What would his
regime be like? Would it be able to stand on its own, as does the laboratory regime, or would it be necessary
to constantly consult the underlying scales to faithfully represent it? That is, could it be closed? Just as the
mechanics of nanoscales differs from our experience being jiggly, sticky and non-inertial, should we expect
a different mechanics for his regime? Would there be a kind of thermodynamics distinct to this regime?

1.2 Objectives

This paper attempts to discover what the Maxwellian distribution becomes beyond the slow time limit, i.e.
the slow time Maxwellian. This is needed before pursuing slow time analogues to fluid mechanics or local
thermodynamic equilibrium. Some preliminary conceptual ideas have been published in [9, 10]. While we
take an approach similar to classical statistical mechanics, ours is more speculative because we are not aiming
to connect two known regimes. The slow time regime is not currently known.

Space scales accompany timescales. If a collection of particles have a characteristic speed, their ability to
interact with surrounding particles is limited spatially when given a particular timescale. Groups of particles
beyond this characteristic distance are independent, while on longer timescales they are not. Thus to consider
the slow time behavior one must consider a box with space coordinates and time. The box only represents
the sampling space, allowing particles to pass freely.

To ensure one is not just constructing an ensemble of particles that will recover the classical Maxwellian
behavior for the laboratory regime, we imagine that the box is composed of small cells each having its own
local statistics defined by a local Maxwellian with a temperature T and a rest frame velocity u. This is the fluid
mechanical rest frame (mean). Other rest frames may be defined for other flow variables of the system. Their
rest frame velocities frequently differ from u. We then proceed with distributions in u and T to capture the
distribution of the entire space-time box. This picture treats local velocity u and temperature T as represent-
ing fluctuations in local particle states within cells. Since the slow time regime treats the box as the limit of
resolution, the distribution of the box becomes the observed particle distribution, which is the composition
of the individual Maxwellians within it.

We first consider the effect of a fluctuating mean velocity u about 0 for fixed T. As u is not only the rest
frame velocity, but becomes the wind of fluid mechanics, there is a trade off between wind and temperature
on long timescales. The new temperature 6 appears as it normally does in equilibrium, but for a slow time
equilibrium. Thus for fixed T a slow time ideal gas has a revised temperature 6 which emerges in velocity
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moments generating all of the standard expressions in place of T. Wind becomes thermalized not by process
but by resolution.

However, things are not so neat when temperatures fluctuate, because temperature also appears in the
normalization of the distribution. The resulting distribution is not Gaussian any longer. It is a distinctive
hybrid with a Gaussian core and heavy tails. The issue of heavy tails is explored, and the results of different
assumptions are compared.

Specific values for constants are important to develop a sense of the relative contributions of terms. The
values used are far from unique, but for the purposes of this paper values representing air at room temperature
are set in Appendix A and described as standard values throughout.

2 Thermalization of wind

Preliminary to other fluctuations, we consider the effect of fluctuations in rest velocity, u, or wind. Without
loss of generality we proceed in terms of fluctuations in one space dimension. Then the molecular velocity
profile is

plv;u,T) = (%)1/2% eXp(—%(v - u)z)- @)

Imagine that within a space-time box large enough winds experience reversals and ranges of magnitudes so
that we may plausibly assume a normally distributed rest velocity u about u = 0 with o, being its standard
deviation, used for a Maxwellian probability distribution function (PDF) with temperature T. It is conceivable
that no circumstance occurs where the central limit theorem fully holds. However assuming it does, this
convolution of the v and u distributions is itself a Gaussian,

m \1/2 1 m ,
0 =\-5) —= ~—5aY ) 2
p:0) (2k6) = exp( 2%0" ) @)
but with a revised effective temperature
0= oum +T 3)
Tk

that contains the wind u. Suppose o, ~ 5 m/s, then aﬁm/k ~ 0.1 K (see Appendix A). This change of tempera-
ture of 0.1 K is negligible under normal conditions.

Generalizations of temperature are a standard fare of extended irreversible thermodynamics (e.g., [11,
12]). There are also temperature analogues that become temperature under limiting conditions (e.g., [13]).
But the emerging temperature here, 6, is like neither of these: It is an emergent feature of a well-defined un-
derlying mechanism. The presence of small underlying fluctuations may bring to mind concepts like contact
temperature (e.g., [14]), where small deviations in flows affect what an instrument actually reads. But this is
also a different problem. The present 6 is in all respects a legitimate temperature and not just a generaliza-
tion. As long as u is fluctuating in a Gaussian manner, all of the ideal gas relationships re-emerge, but in the
temperature 6 instead of T. For example energy E along one axis is simply, E = Nk6/2, just as it is in T for the
laboratory regime. Coarsening the time scale for fluctuations in « amounts to thermalizing the wind.

3 Fluctuations in temperature

It will prove to be mathematically and conceptually convenient to work with the Gaussian precision (defined
below) instead of the standard deviation in what follows. For such distributions of distributions, fluctuations
in standard deviation are proportional to fluctuations in the square root of temperature. A fluctuation in
precision would be in terms of /B (8 = 1/(kT)) instead. A larger precision means a tighter distribution. This
is well precedented. Similar structures are in play for thermodynamic intensive variables, like pressure and
chemical potential. P, u, and f3 are all conjugate to V, N, and E, respectively, while temperature is the odd
variable residing in the denominator in that representation.



DE GRUYTER C. Essex and B. Andresen, Maxwellian velocity distributions in slow time = 5

There is no particular reason a priori to presume that fluctuations in T, or some function of T, are normally
distributed. This is speculation, but in any event all such assumptions cannot be strictly true simultaneously.
The aim is only to find a plausible slow time scenario, although we will find the outcome appears to be quite
similar with different assumptions. The differences will be explored in plots from direct computations below.
Meanwhile we will not be working with T but 6 = 1/(kf3y), where wind, u, has been thermalized. Moreover,
we will still refer to fluctuations in the precision as “temperature fluctuations.”

The Gaussian precision, v, is defined by the following,

m 12 1 m o\ _ ¥ 2.2
(2k6) ﬁexp( 2kev)—\/ﬁexp( vv), (4)
where vy is given by v = 1/( V20,) = \Jm/(2k0) = \/mpy/2 and has units of 1/velocity for the Maxwellian.

Let us now suppose that this precision itself is not constant but is normally distributed in a variable &
about some reference value y, such that y = y, + £. Then

. expleypi) - 2o

Because y = +/m/2k0 > 0 for finite 6 then & € (-, 00), so that the normal distribution ought to be truncated.
However, in typical statistical applications infinite domains are commonly used instead of semi-infinite ones.
For example, the convention of spectroscopy is to integrate over spectral lines for frequencies, v € (-00, 00),
even though negative frequency makes little physical sense. If we anticipate, as in spectroscopy, that little
is lost because the inadmissible values contribute little to relevant integrals, this can be a viable approach,
which can be checked after the fact.

Taking this position we allow £ € (—00, co) instead. The corresponding PDF in £ is

exp(~(yp + £)°0%) = pyg. (5)

N w 242
= — exp(-w&), 6
pe= p(-wE’) (6)
where w is the Gaussian precision for this & distribution with units of velocity. The hat (caret) indicates the
infinite domain extension. We will see that the resulting structure is such that w appears naturally in the
expressions as a velocity aiding interpretation of molecular velocity v regimes:

A o) R 3 wZ 2v2
Pvsw,y,) = J PuePedf = Yo Xp( n ) @

exp (-
VT (v? + w?)32 2 + w?

Two distinctive features emerge: This PDF has polynomial (heavy) tails and a Gaussian core. The shift be-
tween these is controlled by the remarkable argument of the exponential, —w’y;v*/(v* + w?). When v < w, it
becomes the classical Gaussian argument —yZv* since the denominator in the pre-factor, (v* + w?)*?, behaves
like a constant. When v > w, the argument of the exponential approaches a constant leaving an asymptotic
behavior of ~ v,

This is quite different from the result of letting the velocity u fluctuate, where the result was another
Gaussian PDF, but with a revised temperature, 6. The u fluctuations were naturally incorporated into the
microscopic ones. This does not happen with the fluctuations in & since temperature or precision also appears
in the normalization factor multiplying the exponential.

For the truncated distribution p; of §, equation (6) gets replaced by

- 2 w
1+ erf(wy,) VI

If y, — oo the error function goes to 1, causing the expression to reduce to the Gaussian on the infinite do-
main with the function always normalized to 1. For the standard values defined in Appendix A, one has
2/(1 + erf(wy,)) = 2 — 1077, which makes (6) close to (8) despite different normalizations.

Pe exp(-w’E’). ®)
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Then the new velocity distribution is given by the density function

plusw,y) = J Pugped
Yo
1+ erf(ﬂ) 3 2.2 2
B (P+w?)? w’y, _w WOU 1 22
 1terf(wy,)  VE@? + w?)3? xp( V2 + w2) 1 + erf(wy,) 7(v? + w?) exp(-wyy). ()

The second term arises because of the truncation, which no longer permits an odd term in the integrand
from canceling out under integration. It is thus responsible for a quadratic heavy tail, which will dominate
the cubic one in the first term for large v. The mathematical nature and physical meaning of this difference
will be discussed in the following. But it bears noting that this term’s existence is entirely a consequence of
asymmetric truncation, which can be as physically questionable as any of the other assumptions.

3.1 Common limits

The large w limit (infinite & precision, i.e. no & fluctuations) removes all temperature fluctuations:

R 1
Jim, p(usw, yo) = p(vs 00, Yo) = p(u5 00, Yo) = —=Yo exP(-Y5U") = Py (10)

For v <« w for given finite w, the second term of (9) is negligible and then
1 .
Plwsw,y) =~ —=4 exp(-y5v?) = plvsw, yy), (11)
\T

i.e. the same result as for large w. Thus near the center of the PDF the function behaves like a Maxwellian with
temperature 6 while far from the core the simple notion of temperature is not sustainable. This Maxwellian is
invalid for |v| > |w|, thus 6 has no usable role in the sense of thermodynamics in that moments of the integral
will not produce the traditional simple functions in terms of 6. For example the second moment diverges.
What that means will be discussed below.

3.2 Compound probability distributions

In order to illustrate the effect of temperature variations we have calculated a number of velocity distributions
with different standard deviations in Figure 2 (the thin red curves). Averaging such velocity distributions over
three different temperature variations — a Gaussian distribution of the standard deviations (fat red), a boxcar
distribution of the standard deviations (fat blue), and a Gaussian distribution in precision of the precisions
(fat green) — results in velocity distributions distinctly wider than a Gaussian. The distributions of standard
deviations o, and precisions &, used for these compound probability distributions are depicted in Figure 3.
The slight difference between the standard deviation (red) and precision (cyan) curves indicates the small
difference in using one or the other averaging method.

4 The scaling function A

Define a function A(v; w, y,) such that it transforms the infinite domain probability distribution into the trun-
cated one,

pPwsw, yy) = p(vsw, yo) A(v; w, yy). (12)

A provides an effective framework, not only to understand the relationship between p and p, but to under-
stand the nature of the transition from Gaussian to heavy tails for both functions.
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Figure 2. Velocity distributions for different variations. The thin red curves are Gaussian distributions for standard deviations
o, € [1.5,6.5] m/s. The fat curves are velocity distributions averaged over a range of deviations. The red curve is averaged over
a Gaussian distribution of ¢, itself having a standard deviation of 0.5 m/s around 4.0 m/s. The blue curve is averaged over a
boxcar distribution of o, in the range [3.5,4.5] m/s. And finally the green curve is the velocity distribution with a variable pre-
cision corresponding to the red standard deviation curve; they are pinned at +1 standard deviation of both. Clearly the type of
averaging makes only a minor difference for these purposes.

o and ¢ distributions
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Figure 3. Distributions of standard deviations ¢, and precisions &, used for the averages of Figure 2. Blue is the boxcar distri-
bution of g,. Red is the Gaussian distribution of o,. And green is the precision distribution of the precision & (scaled down by
a factor of 20 to fit on the same plot). Finally, the cyan curve is a conversion of the green precision distribution into equivalent
standard deviations. The slight difference between the red and cyan curves indicates the small difference in using one or the
other averaging method.
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From (9) and (7) it follows that

NS Wy, @)yl
A(U, w, 1//0) = m [1 + erf( (1_)2 N w2)1/2) + " \/sz eXP(_Uz T u? )] (13)

and
Jim A w, ) = A(v;00,9) = 1. (14)

Thus p(v; 00, y,) = p(v; 00, y,) returning both distributions to the no temperature fluctuation case.

A is an extraordinary function as can be seen from its graph (Figure 4). It takes on the value 1 with re-
markable precision for a wide interval in v out to values in excess of 10’ m/s for our standard values, which
approaches 10% of the speed of light. Beyond that, asymptotically linear growth ensues because the two dif-
ferent heavy tails diverge from each other as p decreases more rapidly than p.

The most extraordinary features of A are in the details. To understand this function take the derivative

dA 1 v wy?
— - - 1
dv (1 +erf(wy,)) Vay,w? (v? + w?)l/? exp( v+ w2) (15)

As A is symmetric, we need to look only at positive v in the following treatment of the derivative. For v <« w,

d_A 5 v
dv (1 +erf(wyy))Vry,w?

exp(—w’yg) =~ 107" x 1072710, (16)

using the standard values in Appendix A. Here, 107" is the contribution of the factors other than the expo-
nential, which are clearly of no significance. Even though the derivative is increasing with v, the coefficient
is so extraordinarily small that with increasing v it will be indistinguishable from zero to computer accuracy
well beyond v = w. But above v = w, the exponential factor in (15) ceases to behave like a constant. The de-
nominator of the exponential’s argument begins to grow significantly and the exponential begins to grow

toward 1 rapidly. We see that
dA 1

lim — = s 17
PR dv (1 + erf(wy,)) Vry,w? an
i.e. the slope approaches a constant.
Because the first derivative is so small compared to 1, the second derivative
BN V(20 +w? 1 ( w'y? ) (18)
- = exp| —
dvt (1 +erf(wy,))Vry, (v* +w?)3? P v+ w?

is the curvature. Figure 5 shows that it rises from essentially zero to a maximum somewhat above w, then
drops off to zero again. The maximum is the smallest radius of curvature in the natural metric, which would
not necessarily be apparent on a plot of arbitrary units. This behavior suggests a bend between nearly straight
lines, which is what we observe; see Figure 4.

Before the turn, both p and p behave like the Gaussian they have in common, Py, (see limits (10) and
(11)), which is why A is steadily close to 1. After the turn, |v| > |w|, they differ in how heavy their respective
heavy tails are. The infinite domain case, p, is cubic and the truncated domain case, p, is quadratic. This
demonstrates that the heavy tail behavior originates with fluctuating temperature as the presence of heavy
tails is controlled by the precision w. The larger the value of w the further out in v the p, -like behavior extends.

5 The scaling function @

A compared two hybrid heavy-tail/Gaussian distributions. We must also compare the hybrid densities with
fluctuating precision to the pure Gaussian forms with fixed precision to complete the investigation. Define ®
such that p(v; w, y;,) = p,, @, then

3

(19)

24
_ Yo
T (0% + w?)3? eXp(v2 + w? )
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Figure 4. The function A(v) relating the infinite domain PDF, p(v; w, y), to the truncated domain PDF, p(v; w, y), for four differ-
ent precisions of precisions, w. Each curve is essentially made up of an extremely flat portion with A = 1 connected to linearly
increasing (decreasing) segments at a rounded corner.

x107"® A curvature
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Figure 5. The second derivatives (curvatures) d>A/dv? corresponding to the A curves of Figure 4. Notice the extremely small
values in a wide range around v = 0 and the two narrow peaks where the transition from an almost constant A value of one to a
straight incline takes place.
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Figure 6. The function ®(v) relating the PDF with an exact precision Py, to the PDF p(v; w, y,) with a distribution of precisions
for four different precisions of precisions w. The two minima disappear over a fairly small w range. Notice that v and w are on
different scales from the previous figures in order to show this effect clearly.

Because p(v; w, y) = p,, @A, investigating ® also informs us about the scaling function for p(v; w, y,) in terms
of py, .

This function has a different nature than A because it emphasizes the polynomial aspects of p(v; w, v,)
even in the core of the function where it is most Gaussian in nature. Globally the transition for v large com-
pared to w will still exist, but close to the origin, the sharper peak of the polynomial will dominate causing ®
to decline, while in the case of A there was a linear (although exceedingly small) increase. But the exponential
will take over eventually as the scaling function must grow fast enough to compensate for the exponentially
declining tails. That means there will be minima which are determined by the following.

Taking the derivative of the logarithm of ® and simplifying,

v + w?)? d_d)

B 24 20002 2 o o2
> - =v(2yyv” + v (dy,w” - 3) = 3w"). (20)

For horizontal tangents, one has v = 0 or

—(4yPw® - 3) £ \/(4w§w2 — 3)% + 24y2u?
) 2y '

2
v

(1)

When 4w§w2 > 3, which is the case for the standard values described, the + sign produces the real results

—(4y2w? - 3) + \/(4wgw2 - 3)% + 242w’
V== 41//2 > (22)
0

which is, using the standard values, v = +358 m/s. (For the parameters used in Figure 6 the value is +369 m/s.)
These minima and the maximum at v = 0 are depicted in the graph of @, Figure 6. The minima represent the
largest overestimate of p by p,, globally. Outside of the interval defined by these minima, p, increasingly
underestimates p as ® grows unbounded. There are no other horizontal tangents than these three, and for
lv] < |w| the exponential’s positive argument grows as v*, which swamps the polynomial factor.
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A told us that close to the origin, when both densities were most Gaussian-like, they were most like each
other. This confirmed that the heavy tail behavior was a consequence of the temperature fluctuations. ®
tells a slightly different story. While there is sharp divergence in the tails too, the minima clearly tell us that
p(v;w, y,) is a rather different object than a pure Gaussian. The implication is that the compound distribu-
tions cannot be simply Maxwellians evaluated using different parameter values, as was possible with the
simple thermalization of wind. Given that is so, local temperature will not have the significance it had in the
Laboratory regime.

6 Maximum velocity

The Maxwellian is classically limited. While its mathematical domain is infinite, physically such a mathe-
matical domain has little meaning. There are no massive particles with unbounded energy in a particular
ensemble with fixed energy, let alone particles moving beyond the speed of light. The Maxwellian is strictly
classical. It does not consider relativistic aspects at all, which require instead something like the Maxwell—-
Jiittner distribution (e.g., [15]). Moreover, a finite number of particles with finite energy cannot have an un-
bounded distribution in any case. At some location the domain must be cut to avoid such physical objections.
However, the small contribution from physically objectionable parts of the domain are outweighed by the for-
mal convenience of infinite limits. As mentioned, this happens in spectroscopy where negative frequencies
are admitted for convenience. For the most part, this presents no difficulties. Exponential tails defeat any
polynomial growth. Formal moments are all well defined, leading to elegant formal relationships between
integrals.

All of the distributions in this paper have the Maxwellian as their starting point. Therefore all of the
physical difficulties mentioned are present, and all of the composite distributions have similar problems.
With a given number of particles of given energies, infinite fluctuations in velocity and temperature are not
physically meaningful even if convenient. In any case, infinite physical domains are problematic, which was
why we considered p in addition to p.

In every Maxwellian subsystem a maximum velocity is implied, which thus implies an overall maximum
for all of the composite distributions. Even leaving relativistic limits and the uncertainty principle aside, no
particle can travel faster than a single particle holding all of the system’s energy. Although being an entropi-
cally exceptionally improbable situation, this is a rigorous upper bound. Beyond that velocity, v,,, there can
be no particles at all, and thus in reality the domain is not infinite. This is far above a common upper bound
for v, v, (i.e. v. < v,,), since giving all energy to just one particle is a singular case. Clearly k6/2 < v, < v,
with the lower bound representing the sharing of energy equally. The upper bound will grow with the system
size, but for the purpose of establishing finiteness, it is sufficient. For a given energy, E, and number, N, the
Maxwellian v,, is easily computed. The v,, for the Maxwellian is a microscopic property unaffected by the
convolutions, so should apply to slow time convolutions equally.

Consider an isolated system consisting of N identical particles. Its total energy is in one-dimensional
space, as we have been considering here,

E =

M=

I
—

mu; = %kGN. 23)

| =

1
Putting all energy into one of these particles while all the others are at rest,

, k6N

m (24)

L,
m

There are no particles for v > v,,. But what is the error in pretending that there are? Putting v,, into the PDF
at that speed, equation (2) becomes

p(v,) = (%)1/2% exp(_g)- (25)
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Quite remarkably the exponential’s argument is independent of particle mass as well as temperature. There
is only the weak temperature dependence in the pre-factor. This will be an extraordinarily small number with
N in the exponent. We may expect p(v.) to be somewhat larger.

The largest velocities that can be encountered in the composite distributions will likely be well repre-
sented by some average of v.. The issue of the finiteness of domain is somewhat hidden in the Gaussian case.
But fluctuating temperatures led to heavy tails, bringing this issue out. They are in of themselves not a prob-
lem, but in moments they are. The second moment, which we would use for energy, diverges for both p and
p. This is only a problem if the infinite domains are regarded as physical. Clearly if the convenience of infinite
integrals compromises the essential physical reality they must take second place. The infinite domain must
be trimmed. Exactly how that ought to be done will be considered in future work.

7 Conclusion

This paper has contemplated the perspective of an observer who would regard the laboratory regime as jiggly
and microscopic, much as we see the kinetic or nanoscales. We aimed to get beyond pure speculation by
focusing on how the Maxwellian distribution might be seen by such an observer. The window of observation
for this observer would be bounded by events that are too close in time to distinguish from his point of view
(fast time), which would include our regime. We would regard the putative observer as experiencing slow
time. Hence the resulting distribution is described as the slow time Maxwellian.

The technique was to form compound distributions by fluctuating the wind, u, and temperature, T.
There were several approaches possible in this regard. Which version the putative observer would actually
encounter is unknown, and it is unclear how to determine it explicitly. A range of assumptions were tried
computationally, making some simple comparisons. As the various cases did not differ much, we adopted
assumptions that made the explicit calculations more straightforward and intuitive. In that regard choosing
precision to work with was most helpful. Temperature and velocity emerge with a conjugate quality, which oc-
curs explicitly in the case of thermalizing of wind. But it also appears in a more subtle manner in the precision
picture because fluctuating precision led to a normal distribution with its own precision (i.e. the precision of
the precision). The latter has units of velocity, and this velocity, w, plays a decisive role in the structure and
behavior of the resulting compounded densities. It acts like a reference velocity separating regimes. It divides
Gaussian-like structure from heavy tail structure.

An unusual hybrid of Gaussians with heavy tails emerges in this paper as a persistent feature. Heavy
tails clearly can be expected to be a feature of the slow time regime. This has some consequences. First the
notion of local equilibrium ceases to be strictly valid. There is no straightforward temperature, as there is in
the Maxwellian case. There could be other qualities that might play such a role in the slow time regime, but
they would not be temperature strictly speaking. If w is large enough, the core would still behave Maxwellian,
which would permit a limited return to temperature as long as the core of the PDF is of importance. Second,
the wings of the distribution need to be considered from a physical standpoint to avoid divergent moment
integrals.

There was a question as to what negative y meant. We revised the calculation to be normalized for a
truncated Gaussian. This led to two distributions, p and p. The former differed by a new term in (9), as well as
a factor that proves to be very close to 1. It is entirely a result of the breaking of symmetry through the truncated
distribution. It is an extraordinarily small number compared to the other term except for large enough v, given
the standard values in Appendix A. But truncating is a convenient fix and is not necessarily more physical
than allowing negative y. A sudden jump is known to cause a Cauchy-like distribution in a signal suddenly
switched on followed by exponential decay. This suggests that some other distribution without the jump
might not lead to the v™> behavior. Therefore we discount this term which dominates p for larger |v|.

The slow time observer is left with a rather different behavior for the ideal gas. There are heavy tails and
a nearly Gaussian core, becoming more Gaussian with increasing w. But as the tails are heavy, we observe
divergent second moments. Does this mean that energy becomes infinite? Not if there are only a finite num-
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ber of particles and finite energy in the underlying system to begin with. The composition of PDFs changes
nothing in this regard.

One use for such a PDF is in moment equations that are also considered from a slow time perspective [9].
This could lead to a slow time dynamics, which would be the ultimate goal of thinking from this perspective.
Clearly the heavy tails and basic closure problems need to be dealt with in future work.

A Standard values

In order to maintain a solid physical intuition we use typical molecular values for our examples. A stan-
dard air temperature is T, = 300 K and the molecular weight of air is 29 g/mol, so m = 4.84 x 107 kg.
Thus if we take the variation of the wind speed to be o, ~ 5 m/s, we arrive at the combined temperature
6 = o>m/k + T = 300.08 K and the center precision of speed v, = +/2(02 + kT, /m) ~ 2.42 x 10~ (m/s)"". Since
v = \2k6/m and thus |dy| = (y,)*(k/m)|dT|, a representative value for w would be w ~ 1/|dy| ~ 10° m/s for

[T ~25K. Error: The two square roots are inverted, numerical values are correct.
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